Afr. J. Lib, Arch. and Inf. Sc. Vol. 36, No. 1 (January 2026) 187-200

https://doi.org/10.5281/zenodo.21605316

Assessing Information Literacy in Digital
Environments: Cross-Cultural Validation
of the Smart Identification of Fake News
Assessment (SIFNA)

Wi QiYan', Duchduen E. Bhanthumnavin'¥*,
Duangduen L. Bhanthumnavin', Naksit Sakdapat?,
Li RenLiang', Saran Pimthong?

!National Institute of Development Administration,
Bangkok, Thailand.

2University of the Thai Chamber of Commerce,
Bangkok, Thailand.

3Srinakharinwirot University, Bangkok, Thailand.

*Corresponding Author: Duchduen E. Bhanthumnavin
(db719nida@yahoo.com)

Abstract

The unprecedented growth of digital information
ecosystems has substantially increased public
exposure to misinformation, disinformation, and other
unreliable online materials, presenting considerable
obstacles to the advancement of information literacy on
a global scale. Consequently, the capacity to critically
assess, authenticate, and respond appropriately to
information has emerged as an essential competency
for contemporary learners. Although research on fake
news and media literacy has expanded considerably,
there remains a notable lack of psychometrically
robust instruments capable of measuring information
evaluation competencies consistently across diverse
cultural settings. Accordingly, this study sought to
develop and evaluate the cross-cultural measurement
invariance of the Smart Identification of Fake News
Assessment (SIFNA) among undergraduate students in
China and Thailand. The research sample comprised
1,838 undergraduates, including 911 participants

from China and 927 from Thailand. Data were
analysed using a sequential validation procedure
encompassing item quality evaluation, exploratory
factor analysis (EFA), second-order confirmatory
factor analysis (CFA), and measurement invariance
assessment. The findings indicated that 69 of the
initial 100 items satisfied the predefined psychometric
criteria. Subsequent EFA identified a four-dimensional
structure consisting of verification of information
before acceptance, being persuaded to follow and
comply, response under time and social pressure,
and evaluation of information consistency and
source credibility. The final instrument retained 18
items, accounting for 51.20% of the total variance.
Furthermore, the scale demonstrated high internal
consistency (o = .883) together with satisfactory model
fit indices (y* = 98.922, df = 80, p = .074, RMSEA
=.023, CFI = .995, TLI = .990, and SRMR = .078).
Measurement invariance testing further confirmed
both configural and metric invariance between
the Chinese and Thai undergraduate cohorts. The
study advances research in library and information
science by introducing a cross-culturally validated
instrument for assessing information evaluation
behaviour, source credibility judgement, and resilience
against misleading information among university
students. Moreover, SIFNA provides a valuable
evidence-based resource for researchers, librarians,
educators, and policymakers to evaluate information
literacy competencies, develop targeted educational
interventions, and enhance students’ ability to
operate effectively within increasingly complex digital
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information environments.

Keywords: Fake News Literacy, Information
Evaluation, Measurement Invariance, Cross-Cultural
Validation.

Introduction

At present, digital media and social networking
platforms have become the primary channels through
which young adults in both Thailand and China
access information. China has 1.108 billion internet
users, or 78.6% of the entire population (CNNIC,
2025). The same trend of daily social media use is
observed in Thailand (National Statistical Office,
2026). Undergraduate students constitute one of the
most active groups of digital media users (Oladeji
and Alegebeleye, 2025), making them particularly
susceptible to information disorder, including
misinformation, disinformation, and fake news
encountered during their everyday online activities.

Among these forms of information disorder,
fake news presents a particularly significant concern
because it frequently appeals to emotions, exploits
uncertainty regarding information sources, and
employs persuasive communication strategies,
including sensational headlines and clickbait, to
encourage users to click, believe, share, or act
before verifying the information. Such practices
may contribute to a wide range of adverse outcomes,
including digital harm, financial fraud, social
misunderstanding, interpersonal conflict, and flawed
decision-making (Hamed et al., 2023; Pennycook
and Rand, 2021). Therefore, the ability to critically
evaluate, verify, and dismiss misleading information
before accepting or disseminating it has become an
indispensable competency for digital citizens in the
twenty-first century (Pehlivanoglu et al., 2021).

Despite increasing recognition among
researchers and practitioners of the importance of
evaluating this competency, psychometrically sound
instruments for assessing fake news identification
remain limited, particularly those applicable across
diverse linguistic and cultural settings (Broda and
Strombéack, 2024; van der Linden et al., 2021).
Furthermore, many existing instruments were
originally developed within Western societies,
raising concerns regarding their applicability in
different cultural environments. Failure to establish
measurement invariance when comparing latent
constructs across cultural groups may produce findings

that reflect linguistic differences, cultural influences,
or response tendencies rather than genuine variations
in the underlying constructs being measured (Cheung
and Rensvold, 2002; Vandenberg and Lance, 2000).

Accordingly, this study sought to develop and
validate the psychometric properties of SIFNA among
undergraduate students in China and Thailand. The
instrument was designed by integrating theoretical
perspectives from the social sciences, psychology, and
education to establish a conceptually robust framework
suited to today’s digital information environment. Its
psychometric performance was evaluated through
a comprehensive multi-stage validation procedure,
generating empirical evidence for the structural
validity, reliability, and cross-cultural measurement
equivalence of SIFNA across Chinese and Thai
undergraduate populations.

Literature Review

The Concept of Fake News Identification

Fake news, misinformation, and disinformation
have become defining challenges of the contemporary
digital environment, where enormous volumes
of information are created and circulated almost
instantaneously through social media platforms.
Such content commonly relies on emotionally
charged messaging, uncertain or obscure information
sources, selective framing of facts, and persuasive
communication designed to encourage users to
believe, share, or respond before undertaking adequate
verification (Ecker et al., 2022; Zhou and Zafarani,
2020). Consequently, the ability to identify deceptive
information encompasses considerably more than
distinguishing true information from false claims.
It requires a combination of cognitive, behavioural,
and evaluative competencies, including critical
reasoning, resistance to persuasive influence, self-
regulation under pressure, and systematic assessment
of information reliability. In this study, fake news
identification is conceptualised as an individual’s
capacity to critically examine, investigate, verify,
resist undue influence, and evaluate information
objectively before accepting, disseminating, or
acting upon it. Achieving this competency requires
the integration of multiple cognitive and behavioural
processes. Based on the relevant literature, at least
four complementary perspectives underpin effective
fake news identification.
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The first perspective emphasises analytical
reasoning and cognitive flexibility. Individuals who
successfully identify fake news typically engage
in deliberate information processing by critically
examining available evidence and establishing logical
connections before reaching conclusions. Research
has consistently shown that susceptibility to false
information is associated with weaker analytical
reasoning abilities (Pennycook and Rand, 2021).
This perspective also involves multidimensional
Classification (Piaget, 1977), whereby individuals
simultaneously evaluate information from
several viewpoints rather than relying on a single
interpretation. Such cognitive flexibility enables
them to overcome rigid thinking patterns, recognise
complex relationships, and evaluate information more
comprehensively. Consequently, stronger analytical
reasoning enhances resistance to impulsive persuasion
by encouraging thoughtful interpretation before
information is accepted or acted upon (Orhan, 2023).
In this respect, analytical thinking serves as an
essential protective mechanism against familiarity
effects, confirmation bias, and other forms of cognitive
bias that may distort judgement.

The second perspective concerns resistance to
persuasive influence and compliance. Individuals who
effectively recognise fake news are generally less inclined
to accept information unquestioningly and are more likely
to scrutinise both its source and its credibility. According
to Kelman (1961), the characteristics of an information
source substantially influence whether individuals accept
communicated messages and develop corresponding
attitudes. Source legitimacy facilitates information
acceptance through three psychological mechanisms.
The first is internalisation, whereby information is
accepted because it is perceived to be consistent with an
individual’s existing beliefs and values, leading to the
perception that it is inherently credible. The second is
identification, in which acceptance is influenced by the
individual’s relationship with the information source.
Information originating from trusted individuals,
such as parents, close friends, or significant others, is
therefore more readily accepted. The third mechanism
is compliance, whereby individuals accept information
to obtain social approval or avoid negative reactions,
particularly when influential or authoritative figures
are involved.

The third perspective relates to individuals’
responses when confronted with time constraints
and social pressure. Drawing upon the Theory of

Fake News Analysis (Babii, 2020), social media
users frequently demonstrate insufficient critical
evaluation, making them vulnerable to sensational
headlines, clickbait, and persuasive messages intended
to stimulate immediate engagement through clicks,
shares, comments, or impulsive behaviours, including
unnecessary purchases or financial transactions.
In contrast, individuals with strong fake news
identification abilities are less likely to respond
automatically to urgency-based appeals such as
“share immediately”, “be the first to know”, or “don’t
miss out”, which are specifically designed to reduce
deliberation and encourage rapid reactions. Under
conditions of limited time, emotional stress, or
persuasive marketing and exaggerated advertising,
individuals often depend on intuitive rather than
reflective judgement, increasing the likelihood of
accepting or distributing inaccurate information
without proper verification (Pennycook and Rand,
2021).

The fourth perspective focuses on evaluating
information consistency and source credibility.
Careful examination of both the coherence of
information and the trustworthiness of its source
represents a fundamental strategy for resisting
fake news. Principles commonly employed in
research methodology (Leedy and Ormrod, 2010)
may also be applied when assessing information
encountered through digital media (Mayo and La
France, 2014). Individuals should critically examine
whether information remains logically consistent
throughout, from its initial claims to its conclusions or
recommendations, while evaluating the alignment of
textual content, statistical evidence, figures, images,
temporal references, locations, contextual details,
reported events, and supporting information. Claims
that appear exceptionally favourable or implausible
should receive additional scrutiny. Furthermore,
methodological principles, including the law of
large numbers, may provide useful guidance for
validating information through comparison with
broader evidence. Based on these four theoretical
perspectives, the initial pool of items for SIFNA
was developed.

Measurement Invariance

Within cross-cultural psychology and
assessment research, establishing measurement
invariance is regarded as a fundamental prerequisite
before conducting comparisons between groups.
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Demonstrating invariance reduces the possibility
that observed group differences arise from variations
in measurement instruments, language, or response
styles rather than genuine differences in the constructs
being examined (Putnick and Bornstein, 2016;
Vandenberg and Lance, 2000). Accordingly, an
instrument that demonstrates strong theoretical
foundations and satisfactory psychometric properties
within a single population should not be used for
cross-group comparisons unless empirical evidence
confirms that it measures the same constructs in an
equivalent manner across all groups.

The evaluation of measurement invariance is
typically undertaken through three sequential stages:
configural invariance, metric invariance, and scalar
invariance. Configural invariance examines whether
the proposed measurement model retains an identical
underlying factor structure across the groups being
compared. Once this requirement is satisfied, metric
invariance is assessed by testing the equivalence
of factor loadings, thereby establishing whether
the relationships between observed indicators and
their corresponding latent constructs are comparable
across groups. This stage is essential before
meaningful comparisons of structural relationships
among latent variables can be performed. The final
stage, scalar invariance, evaluates the equality of
item intercepts across groups. Establishing scalar
invariance provides the necessary foundation for
valid comparisons of latent construct means because
it indicates that observed score differences reflect
genuine differences in the underlying constructs
rather than systematic measurement bias (Cheung
and Rensvold, 2002; Meredith, 1993).

Methods

Participants and Sampling

The study sample consisted of 1,838
undergraduate students, including 911 participants
from China and 927 from Thailand. All participants
were enrolled in the second or third year of study
within the Faculties of Education or Social Sciences/
Humanities. The mean age of the respondents was
20.64 years. Of the total sample, 402 participants
(21.87%) were male, whereas 1,436 (78.13%) were
female. For the item quality assessment, the required
sample size was determined using G*Power (Faul et
al., 2007). Based on an assumed effect size of 0.50, a

significance level of .05, and statistical power of .80,
the analysis indicated a minimum sample requirement
of 128 participants from each country. During
the subsequent EFA, CFA, and MI procedures,
sample adequacy was determined according to the
“10-times rule” based on the sample-to-item ratio,
as recommended by Hair et al. (2017) and Kock
and Hadaya (2018). This criterion ensured that each
analytical stage was supported by an appropriate
sample size. Accordingly, 270 participants were
included in the item quality analysis, 622 in the
EFA, 460 in the CFA, and 486 in the MI assessment.

Data Collecting Process and Research Ethic

Ethical clearance for research involving human
participants was obtained from the Institutional
Review Board (IRB) of Stamford International
University (Approval Code: STIU-HRE119/2024).
Following approval, formal permission to conduct
the study was secured from the participating faculties
and universities in both Thailand and China, after
which classroom-based data collection schedules and
procedures were coordinated. Data were collected
electronically using Google Forms for participants in
Thailand and Wenjuanxing (14 /) for participants
in China. Completion of the questionnaire required
approximately 45—-60 minutes. Before participation,
respondents were informed of the study objectives,
the questionnaire administration procedures, and
their rights as research participants. Students
who voluntarily completed and submitted the
questionnaire were provided with a small token of
appreciation for their participation.

Data Analysis

Data analysis was conducted through four
sequential phases.

The first phase focused on item quality
assessment using two psychometric criteria. The first
criterion was item discrimination, evaluated through
the t-ratio, with acceptable items required to achieve
t>2.00 (p <.05). The second criterion was the item—
total correlation coefficient, for which a minimum
value of r > .30 was adopted (Nunnally and Bernstein,
1994). Only items satisfying both requirements were
retained for subsequent analyses. The second phase
involved EFA. Prior to factor extraction, sampling
adequacy and data suitability were examined using
the Kaiser—Meyer—Olkin (KMO) measure, with an
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acceptable threshold of KMO > .60, together with
Bartlett’s test of sphericity, which was required
to reach statistical significance. Factor extraction
was performed using the Principal Axis Factoring
method, followed by Oblimin rotation. The number
of retained factors was determined by combining
the eigenvalue criterion (> 1.00) with the results of
Parallel Analysis. A factor was retained only when
its eigenvalue obtained from the observed dataset
exceeded the corresponding eigenvalue generated
from the simulated dataset.

The third phase consisted of CFA to evaluate
the adequacy of the proposed measurement model.
Model fit was assessed using multiple goodness-
of-fit indices, including CFI and TLI values of at
least .92, SRMR below .08, and RMSEA below .07.
Although the chi-square statistic was also examined,
its significance was interpreted cautiously because
this index is highly sensitive to large sample
sizes. The final analytical stage involved MI
testing to examine whether SIFNA functioned
equivalently across the Chinese and Thai samples.
The assessment proceeded sequentially from
configural invariance to metric invariance and
finally scalar invariance. Model equivalence at
each stage was evaluated using the recommended
criteria of ACFI <.010 and ARMSEA <.015 (Chen,
2007; Cheung and Rensvold, 2002).

Results

Item Quality Analysis

The item quality assessment initially examined all
100 items included in the original instrument. Following
evaluation against the predefined psychometric criteria,
only 69 items satisfied both requirements and were
therefore retained for subsequent analyses.

Exploratory Factor Analysis (EFA)

The EFA was conducted using the 69 items
retained from the preceding item quality assessment
phase. Results from the Parallel Analysis indicated that
four components possessed eigenvalues derived from
the observed data that exceeded the corresponding
mean eigenvalues generated from simulated datasets
(Figure 1), a finding that was further supported by the
scree plot. Accordingly, a four-factor structure of SIFNA
was identified, consisting of 18 items that collectively
accounted for 51.20% of the total variance. The adequacy
of the dataset for factor analysis was confirmed by a
KMO value of 0.912, indicating excellent sampling
adequacy. In addition, Bartlett’s test of sphericity yielded
statistically significant results (%> = 4580.177, df = 153,
p < 0.001), demonstrating that the correlation matrix
was appropriate for factor extraction.

Figure 1: Results of the Exploratory Factor Analysis (EFA) of the Smart Identification of Fake News Assessment

(SIFNA) and the Scree Plot from the Parallel Analysis.

Confirmatory Factor Analysis (CFA

The four-factor structure identified through
EFA was subsequently validated using second-order
CFA. The proposed measurement model demonstrated
satisfactory goodness-of-fit, as indicated by y* =
98.922, df = 80, p = 0.074, RMSEA = 0.023, CFI =

0.995, TLI = 0.990, and SRMR = 0.078. Furthermore,
the newly developed SIFNA exhibited strong internal
consistency, with an overall reliability coefficient of
0.883. The conceptual labels assigned to each factor,
together with the corresponding statistical results
for every item and latent construct, are presented
in Figure 2.
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Figure 2: Results of the Second-Order Confirmatory Factor Analysis (CFA) of the Smart Identification of

Fake News Assessment (SIFNA).

Measurement Invariance

MI was conducted to determine whether the
newly developed SIFNA operated equivalently across
undergraduate students from Thailand and China. Two
complementary analytical approaches were employed: the
permutation test and multi-group CFA. The permutation
test provided evidence supporting configural invariance
across both national samples (Henseler et al., 2016). All
four first-order constructs demonstrated compositional
invariance (p > 0.05). However, the second-order construct,
SIFNAI1S, did not satisfy the required criterion (r =
0.967, 5% quantile = 0.998, p = 0.000), indicating that
compositional invariance was not achieved at the higher-
order level (Table 1).

The multi-group CFA further evaluated cross-
group equivalence. The results confirmed configural
invariance (> = 501.36, df =258, CF1=0.938, RMSEA

= 0.062), indicating that the underlying factor structure
was consistent across the Thai and Chinese samples.
Subsequent testing also supported metric invariance,
with Ay? = 12.28, df = 14, p = 0.0584, ACFI = 0.000,
and ARMSEA = 0.002, demonstrating that the factor
loadings were statistically equivalent between the two
groups and establishing weak invariance. In contrast,
scalar invariance was not supported because the equality
constraints imposed on the item intercepts resulted in
a significant deterioration in model fit (Ay* = 90.829,
df = 14, p < 0.001, ACFI = 0.020) (Table 2). Overall,
the findings indicate that SIFNA achieved configural
and metric (weak) invariance across Chinese and Thai
undergraduate students, whereas scalar invariance was not
established. Consequently, the instrument demonstrates
comparable factor structure and factor loadings across
the two cultural groups, although comparisons of latent
mean scores should be interpreted with caution.
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Table 1: Results of Compositional Invariance Examine the Differences Between Chinese and Thai Undergraduate

Students.

Structure Correlation ¢ Quantile (5%) P-Value Results
Factor 1 1.000 1.000 0.188 Supported
Factor 2 1.000 0.999 0.408 Supported
Factor 3 1.000 0.999 0.654 Supported
Factor 4 0.951 0.559 0.840 Supported
SIFN18 0.967 0.998 0.000 Not Supported

Table 2: Results of the Measurement Invariance of the Smart Identification of Fake News Assessment (SIFNA).

Model (V&) df CF1 | RMSEA | Ay? Adf p | ACFI (<0.010) | ARMSEA (£0.015) | Conclusion
Configural [501.36 |258 0.938 [0.062 - - - - - Supported
Metric 513.64 |272 0.938 [0.06 12.28 |14 0.058 [0 0.002 Supported
Scalar 604.47 |286 0.918 [0.068 90.829 |14 <.001 0.02 0.008 Not Supported
Discussion digital environments, where misinformation is frequently

SIFNA differs from many existing fake news
assessment instruments because it extends beyond the
simple classification of information as either true or
false. The instrument comprises 18 items representing
four complementary dimensions: verification before
acceptance, resistance to persuasive compliance, responses
to time and social pressure, and evaluation of information
consistency and source credibility. Consequently, SIFNA
measures behavioural and cognitive tendencies that may
increase individuals’ susceptibility to misinformation
rather than focusing solely on their ability to recognise
factual accuracy. Moreover, these competencies have
been associated with several desirable psychological
characteristics, including creative problem-solving ability
(Chotratanakamol and Bhanthumnavin, 2026) and logical
thinking (Imjai et al., 2024), as well as positive behavioural
outcomes such as volunteer behaviour (Sakdapat et al.,
2025; Yeamyeuan and Uansa-ard, 2022) and innovative
behaviour (Wu et al., 2025).

Compared with the Misinformation Susceptibility
Test (MIST), SIFNA adopts a fundamentally different
approach to assessment. MIST is a performance-based
instrument in which respondents distinguish between
authentic and fabricated news headlines, thereby
evaluating their ability to detect misinformation and
identifying judgement biases such as excessive scepticism
or unwarranted trust (Maertens et al., 2024). In contrast,
SIFNA evaluates individuals’ tendency when confronted
with information characterized by urgency, popularity
cues, persuasive marketing, or messages originating
from trusted family members and acquaintances. Rather
than assessing factual knowledge alone, it captures the
likelihood that individuals will verify, believe, share, or act
upon information under realistic digital conditions. This
emphasis provides strong ecological validity within Asian

disseminated through instant messaging platforms,
livestream commerce, and emotionally persuasive online
content. Accordingly, SIFNA is best used alongside MIST
or the Civic Online Reasoning task developed by Molerov
et al. (2020), which requires participants to search for
information sources, compare evidence, and evaluate
authentic websites. Employing these complementary
instruments enables researchers to determine whether
individuals who report engaging in careful information
verification also demonstrate these behaviours when
confronted with misleading or false information.

The MI results demonstrating configural and
metric invariance across Thai and Chinese undergraduate
students support the use of SIFNA for examining structural
relationships across the two groups. However, because
scalar invariance was not established, comparisons
involving latent construct means should be interpreted
with appropriate caution. This outcome is consistent
with numerous previous cross-national investigations
involving multiple languages and cultural settings, where
only partial measurement invariance has typically been
achieved, as reported by Kuhn and Holling (2009) and
Wernsing (2014). Achieving complete scalar invariance in
cross-cultural research remains inherently difficult because
linguistic differences, cultural influences, and variations
in response styles frequently affect item intercepts.

Despite the absence of full scalar invariance,
instruments may still retain considerable theoretical
and practical value. From a psychometric perspective,
SIFNA provides stronger evidence of cross-cultural
applicability than several existing news literacy measures
by demonstrating both configural and metric invariance
across Thai and Chinese undergraduate populations.
These findings indicate that the four-factor structure
and the interpretation of the measurement items remain
comparable across both cultural groups, supporting
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meaningful comparisons of relationships among variables
and structural path coefficients (Guo et al., 2021).
Consequently, researchers employing SIFNA in cross-
national studies are encouraged to report findings at the
component level rather than relying solely on comparisons
of overall latent means. Future research should further
evaluate the instrument by examining its psychometric
performance across additional countries, languages, and
participant populations.

Conclusion

This study advances library and information
science by introducing SIFNA as a multidimensional
measure of information literacy that extends beyond
distinguishing true from false information. By assessing
verification before acceptance, resistance to persuasion
and compliance, response under time and social pressure,
and evaluation of information consistency and source
credibility, SIFNA captures key aspects required for
evaluating digital information. The findings support
configural and metric invariance across Chinese and
Thai undergraduate students, enabling cross-cultural
analyses of structural relationships, although latent mean
comparisons should be interpreted cautiously because
scalar invariance was not established. SIFNA also provides
a practical tool for researchers, librarians, and educators to
identify misinformation vulnerabilities, develop targeted
information literacy interventions, and evaluate educational
programmes. Future research should validate SIFNA
across broader populations and digital contexts while
continuing to examine its psychometric performance in
response to emerging challenges, including generative
Al deepfakes, and algorithm-driven misinformation.

Limitations

Despite demonstrating strong psychometric
properties and cross-cultural applicability, SIFNA has
several limitations. First, the instrument relies on self-
reported responses, which may be affected by social
desirability and may not accurately reflect individuals’
actual behaviour when encountering misinformation.
Second, although MI confirmed configural and metric
invariance, scalar invariance was not established.
Therefore, SIFNA is suitable for analysing structural
relationships across countries, but comparisons of latent
mean scores between Thai and Chinese students should be
interpreted cautiously. Finally, the cross-sectional design
prevented the assessment of temporal stability and changes
in fake news identification over time. Future studies should

validate SIFNA across more diverse populations, cultural
settings, and emerging digital environments shaped by
generative Al, deepfakes, and algorithm-driven content
to further strengthen its generalisability and long-term
applicability.

Future Research Directions

Future research should further validate SIFNA
across diverse populations, educational levels, professional
groups, and cultural contexts beyond Thai and Chinese
undergraduate students. Establishing partial or full scalar
invariance across additional countries would enhance its
suitability for international comparative research. Future
studies should also examine the predictive validity of
SIFNA by exploring its associations with information
verification behaviour, digital literacy, critical thinking, Al
literacy, and susceptibility to misinformation. Combining
self-report data with behavioural assessments, experimental
methods, or digital trace analysis would provide stronger
evidence of its practical validity. Furthermore, as digital
information environments continue to evolve through
generative Al, deepfakes, and algorithm-driven content,
periodic re-evaluation and refinement of SIFNA will
be essential to maintain its relevance, validity, and
applicability across emerging forms of misinformation.
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Appendix

Smart Identification of Fake News Assessment-
SIFNA (in Thai (item direction) / Chinese / English)
with 6-point rating scale from “absolutely not true”
to “absolutely true”. Reverse score on negative items
(-). Total of 18 items with reliability of 0.883.

Factor 1: Verification of information before acceptance

(6 items)

1. sSm85 - nawiuTnaad s um “mu! FusnouTavan” Sufao
Funsiylneu () / MEBTrEEER! TR
PR, FAFTMTENETF!  BEDEFHR
7%, / When a post says, “Urgent! Share before
it’s deleted,” I think I should share it right away.

2.sm82 - nmmi‘wm; s “apanomelu 5wt i uezlanne” wu
ﬂmwuﬁumam folmou () BRI SOHRAE RS
BBz KT, SR, LIGA—. /
When I come across a post like “Share within
5 minutes or you’ll be unlucky,” I think about
sharing it just in case.

3. Sm86 - auuﬂmﬂﬂmﬂwaﬂmamﬂa ﬂw b uvmm “yon! nnau
@rmﬂ parfa” 5" 19, noulaua” s’ “gna S i’
O/ BRE T BRI SMABYRE
—&. Uﬁ—ﬂFr” “T_ b%EZﬂﬂJBé%ZHUE &
B F—EXMM, (RNEERSHE
JZF;QEI’JfllE?_}Zﬂ, S, /1often click on posts
or clips with attention-grabbing phrases like
“Shocking!” or “Watch before it’s deleted.”

4. sm87 - wmnumluleszyuwaniin (Source) umini'emsnglv

Aueensy Fudd elane 4 Tadlumenenmmmuiunni 81 )/
ANRFEREIERE, BNEEER
N, HRIEFBE, FeBRRERIEK
JB, / If the news does not specify the source
but contains persuasive content, I can easily
believe it without trying to find the original
source elsewhere.

5. sm70 - owfulszman “anmuisonlSayg s ludisouly”
Snzuaniud Tadhisesasandey mszAannilamad -/
WMREBRRELBMETFRFE, TN
FH RS, HEKRINZEIZHDE,
AEEEXZ2—MRFAINS, / 1 would
immediately share a “free, unconditional
master’s scholarship” announcement without
checking it, assuming it is a great opportunity.

6. sm97 - auvlu'“namyammma@w msznan ez )3 nysieess fin
winogm () / AR —YERIRHETS
21, EAERHERE HRISENARS
ROZFEER T, /1 avoid asking too many
questions because widely shared information
is probably true.

Factor 2: Being persuaded to follow and comply (4

items)

1. sm10 - vosns e uinameeawns live aa mswinuimmuom
vg.m?nmu"l@;’mﬂﬁumﬂ usoanad od umi ulaglimesdnezls
wn (1) / REBEXTERE, RAZEFRREE
RERERSD, UETHENSAMRBRERERY
LT, / T am often swayed by livestream
sellers and buy products without much thought.

2. sml4 - uioifsni Tamanondasom hanaantie wu «nlay
madianan ni “limited edition”fusihdavsd o v
ffmujﬂx'lu‘“lﬁf‘;uv%mﬂﬂ () / HEEEE IR R EE
R ag, a0 "PRAYING" 5% "PRER"
ATz BT, BIEAE2ENE
8, / When a store advertises a “limited-time
flash sale” or “limited edition,” I often order
1mmed1ate1y, even from an unfamlhar store.

3.smll - mmaﬂumu%muammﬂﬂnmw WA Tusiand ooz

153 Tadlu Was ey (<) /AR AZEIAIRIB NN 55
¥, BSINNCENY, MASEIZL. /
If most people say a product is good, I believe
it w1th0ut checkmg

4, Sm21 - iforfuned dlesun il EJ?ﬂuWiJ’JfJiu nfu 5 msannny
oy SuinailaTadly s wammmwau i ilensy

winli () / HERET— e MER TR
RO, PIANMRIERAEE, EBERRECK
B, (BRERIXEERERREE, / When
something popular, like a quick weight-loss
method, catches my interest, | may not check
whether it is actually feasible.

Factor 3: Response under time and social pressure

(4 items)

1. sm35 - ﬁuu‘"ﬂ"lﬁaa'lé%mﬂffammﬁw‘fvmmmﬂrﬁu"a s mseomn
wavmvesss (1) / MNERIERRIEEE TR,
REBEERNBEZLELEEKIR. /usually do
not check sources that claim to be from the
government.

2.sm42 - ﬂullﬂi]“’ﬂﬂ llke wi'ona share s gnlalaglusulu
R TR Pt OF) Nt Jupepniont -/ }j?,{tﬁr__l:f,m
B D ZHREWRRIFE, EF—ERIZEE
3, /1 often click “like” or “share” news I like
w1th0ut readlng 1t all first.

3. sm4l - uf amumuamamuaum ﬂaﬂuﬂiwmﬁiﬂﬂswmﬁwua Y]
e auaznasly T olszmeni v )/ LBEFIXTF
ENMNERMNOEERN, RStEEHET
BEAR=XKIZEHRTT, / When I see negative
information about a country, I believe it and
may avoid VlSltlIlg

4. Sm31 - aaLLmum”lmumammmnmsuﬂaﬂq ma Line #'ganmn
WouwnS oaNAmTN FunwE ViU )/ KBEAS
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LR BEILFEAERMEEQQLERRAIE

E., /1 immediately believe even strange LINE
messages from my parents or close relatives.

Factor 4: Evaluation of information consistency and

source credibility (4 items)

1. sm80 - winnmwiend1ia Telurmgmlsuum (wu dane/ladm
il B ue5) Funazdunanila ) / WNERFHEH
RIE B ST A ERAR R (1§J§ZI] BUEE/ R
IIERNNT) , KBEREEBD HESTH
3. /I would notice if news images or videos
were edited or exaggerated

2 Sm72 - aumﬂmuﬂa ﬂﬂ'IWL!'I‘VI’JiJ !L@muﬁ\uﬂﬁmuﬂ’J']inthTE]ﬂﬂﬁﬂﬂ

st sudwssns (1) / FRBE T HEREERY
R, ANFIEALESDK, (BFGEREIRR
BHRENMNENAR—EL, / In some
flood videos that I have seen, I notice when the
location does not match the narration.
3.sm76 - ﬂunﬂmmmmuiw Tvang Clip S ENW ﬂ%ﬁui'u@]ﬂﬂ'ﬂ
fuuammnduimsazaalumenies (+) / gL =23,

E—SRENMAT, RER Eumtu%f% , B
EEARE-SIR. AL IR LA
W / I often notice many clips with smooth
speech but choppy, 1ncon51stent video.

4 Sm68 - naw emamuunﬂwmmmﬂmuwm LW E]G]S’Ji]ﬁﬁ]‘ﬂ’ﬂﬂﬁﬂll
Aodnmunnsaasaansel (+) / LERFARYRTE,
REEREEEHNTE, BEEESIE
EHTE’J—JO / When buying something, I
usually check whether the back label matches
the claims on the front.
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